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Decision support systems based on Al have not typically
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Diversity of Data Subjects, Decision Makers & Al Models

Decision support systems based on Al have not typically
taken into account the diversity of data subjects,
decision makers and Al models.
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In the reminder of the talk, | will focus on one problem
regarding the diversity of data subjects



Fairness Across Groups

In recent years, the field of ethical Al has grown rapidly. There
exist methods to ensure Al treats data subjects across different
demographic groups fairly.
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However, existing methods do not ensure Al treats data subjects
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Unfairness Within Groups

However, existing methods do not ensure Al treats data subjects
fairly within different demographic groups
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Within-group fairness

In my ERC project, we have developed a method to ensure Al
satisfies within-group fairness, by construction
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How did we validate it truly satisfies within-group fairness? :
: We simulated hundreds of screening processes using observational data :
- about 3.2 million people from the US Census
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Data subjects
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: What about the impact of within-group fairness on the
quality of the decisions? :
- Very challenging, if not impossible, to assess impact with
observational data. Need to run human subject studies!
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